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Summary

To ensure an optimal management of WDSs, in order to extend the life of underground infrastructure and to reduce the costs of intervention for the repair and maintenance of the networks, a PRTM is
proposed. The proposed model lies on : 1) the capacity of real-time monitoring; 2) the inclusion of short-term demand forecasts to define control commands; 3) the integration of uncertainties and the
assessment of their impact on the performance of the defined control. For validation of the PRTM, hydraulic simulations and laboratory tests are realized based on a consistent database (real and fictive WDSs,

water consumption records, etc.). The model is currently under development.
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